The Role of Behaviour Change in Eating and Physical
Activity in the Battle against Childhood Obesity

Brian Dangerfield and Norhaslinda Zainal Abidin
Salford Business School,
University of Salford, Maxwell Building,

Salford M5 4WT, United Kingdom.

B.C.Dangerfield@salford.ac.uk N.ZainalAbidin@edu.salford.ac.uk

Obesity results from many influences including genetic and environmental. But eating and
physical activity are the two fundamental factors which influence obesity development. This work
investigates how food consumption choices and the extent of physical activity have an influence
on weight, BMI and the prevalence of obesity in a population of children aged 2-15 years.
Around forty years ago, the weight profile of the child (or adult) population was not particularly
abnormal. But with increases in energy-dense food consumption and reductions in physical
activity, weight, BMI and the prevalence of obesity has increased dramatically, especially since
the 1990’s. Results from our model can explain these trends. If no interventions are taken to
counteract them then these markers will continue to increase in the future with consequential
health effects as the children become adults. In an effort to uncover the most effective
interventions, this study highlights the role that a system dynamics model can play to help
manage the problem in childhood, particularly through considering behavioural changes.
Optimisation experiments are conducted to determine whether interventions on the energy intake
or energy expenditure sides are likely to be most effective. In anticipated developments of this
research it is suggested that the Theory of Planned Behaviour could be used as a framework to
identify the motivational factors that influence children in their eating and physical activity
habits.
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1 INTRODUCTION

The prevalence of obesity among children is increasing, especially in developed countries like the
USA and the UK. In England, the prevalence of overweight and obese children has increased
since 1995. The split percentage of obese children aged 2 to 15 years in 1995 was11.1% for boys
and 12.2% for girls respectively, increasing to 16.1% for boys and 15.3% for girls in 2009 (NHS,
2011). If this trend continues, it is expected that around one quarter of the population aged below
20 could be obese in 2050 (McPherson et al. 2007).

Obesity is a complex issue because of two reasons: firstly, many potential factors contribute to
the development of obesity. For example, we can cite environmental factors (e.g. overlarge food
portions in fast food restaurants, the lack of neighbourhood sidewalks and food advertising),
genetic and family history factors, eating habits (e.g. higher consumption of fat and frequent
consumption of energy-dense take-away food) and the adoption of inactive lifestyles (Department
of Health, 2008; Dehghan et al. 2005; Kumanyika et al. 2002). Secondly, obesity evolves in a
non-linear fashion, with time delays and feedback processes making a contribution (Levy et al.
2010).



Even though diseases related to obesity in children are perhaps not as serious as those in adults,
obesity is part of a continuous process. Obesity in childhood underpins the development of
obesity in adults (Choudhary et al. 2007). Obese children have the strong possibility of becoming
obese adults when they are grown up (Speiser et al. 2005; Guo et al. 2002). Being an obese child
not only impacts on their health but also on their social life. Even more importantly, obese
children often exhibit low self-esteem and depression resulting from their physical condition.
They are stigmatised by society and often get bullied by their school peers. These phenomena
indirectly impact on their educational performance and their ability to learn (Datar et al. 2004;
Byrd et al. 2007).

An urgent solution is needed to prevent obesity continuing to increase in the future. There are
many negative impacts resulting from obesity such the costs incurred in the light of the health
consequences (NHS, 2011). Many of the previous studies of obesity have been of a qualitative
nature and were undertaken in a natural setting context. These type of studies allow researchers
to have direct observations of their subjects. Unfortunately, they are costly and time consuming.
Studies of a direct experimental nature, which aim to assess the impact on weight and BMI, have
not provided sufficient evidence of any significant immediate results and this suggests that more
time may be required in order to see any impact (Caballero et al. 2003).

Therefore, because of the complexities inherent in the obesity problem and with a combination of
time and cost constraints, it is necessary to research the utility that may be offered through
modelling methodologies. Simulation is one modelling method which is useful in helping to
evaluate large and complex problems (Ingalls et al. 2008; Taylor and Lane, 1998). By using
simulation models an evaluation of the effectiveness of a variety of policies can be made. The
randomized controlled trial settings found in most qualitative studies allow of only a limited
number of policy interventions to be considered as compared to settings where computer
simulation is employed (Levy et al. 2010). System dynamics modelling is a tool that provides a
framework to understand this complex health-related problem and is very useful for experiments
that involve non-linear effects and feedback processes (Sterman, 2000).

An initial purpose of this study is to develop a system dynamics model that can be employed to
quantify the relation between the energy balance, created by differences between energy intake
and energy expenditure, and how changes in this affect average weight in the child population,
together with its impact on BMI and the prevalence of obesity in the relevant age groups. Section
2 presents the model structure used to explain the overall obesity process taking into
consideration both food intake and physical activity behaviour. The discussion continues with
validation tests performed on the model in Section 3. To promote understanding of the ways in
which changes in the energy balance impact on weight, BMI and prevalence of obesity, Section 4
reports a sample of output runs from the base case model. Our modelling work is driven by a
most important objective: to assess policy interventions that provide workable solutions to the
problem. Interventions in this domain refer to population level modifications effected through
changes in eating and physical activity behaviour. Section 5 describes the results from two broad
illustrative interventions simulated with our model. Related to one of the model objectives in
identifying the most effective obesity prevention activities, Section 6 compares the results from
optimisation experiments to determine whether changes in eating or physical activity represent
the most effective approach to reverse current trends in average weight, BMI and prevalence of
obesity. Section 7 summarises the entire paper. Lastly, future work to be undertaken is reported
in Section 8.

2 MODEL STRUCTURE

This research is based on the common view that obesity in the UK (as elsewhere) occurs due to
changes in eating and physical activity associated with a modern lifestyle (WHO, 2011; Butland et
al. 2007; Kumanyika et al. 2002; Crawford and Ball, 2002). From an eating perspective, an
increase in energy intake is primarily driven by an increase in the average number of meals (eating
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episodes), larger portion sizes and an increase in the consumption of fat associated with meals
taken outside of the home and particularly in fast-food restaurants (Young and Nestle, 2002;
Young and Nestle, 2007; Butte, 2000; Jéquier, 2001; Bowman and Vinyard, 2004). A marked
reduction in physical activity energy expenditure is related to the frequency, duration and intensity
of physical activity being replaced by sedentary behaviour (Kumanyika et al. 2002; National
Obesity Observatory, 2010; Office for National Statistics, 2011). A description of the conditions
that drive obesity are presented from a modelling perspective using the stock and flow diagrams
shown in figures 1-4.

As regards eating behaviour, the greater the portion size and number of meals taken results in a
larger consumption of total fat whereas the opposite condition applies for a lower consumption
(note the double-headed arrows on the flows in figure 1). The energy intake from outside meals,
associated with higher fat, carbohydrate and protein portion sizes, and the increasing number of
meals eaten outside the home results in a higher proportion of total energy intake being obtained
from this source. This process is reflected in figure 3 and by the + signs in figure 2. Turning to the
physical activity (PA) aspect, the higher the intensity, frequency and duration of light, moderate
and vigorous activity, the higher the PA energy expended. Conversely, if the frequency, intensity
and duration of sedentary behaviour were to increase, then PA energy expenditure decreases. This
process is illustrated by the + signs in figure 4.
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Figure 1: Structure for modelling average daily fat consumption; a similar model structure is
developed for carbohydrate and protein portion sizes.
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Figure 2: Structure for measuring daily and annual energy intake from meals taken outside the
home; a similar model structure is developed for energy intake derived from home and school
meals.
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The basic model structure used for the overall obesity process is illustrated in figure 5. The aim
here is to hypothesise and synthesise ideas about the workings of the obesity process, taking into
account energy intake, energy expenditure, energy balance, weight and body mass index. A daily
positive energy balance is stored in muscle or fat. An increased body weight itself, however,
causes higher energy expenditure, specifically energy from the basal metabolism rate. An
equivalence between energy intake and energy expenditure (equilibrium in energy balance) will
ensure no weight change. The entire process can take years to show up as changes in the average
weight of the population (Homer et al. 2004). The model is calibrated in years and so changes in
daily energy balance and weight variability are smoothed out to result in a less sharp average
weight change in a year. However, because eating and performing physical activity is a daily
process, the model additionally computes energy intake and energy expenditure in daily units
(kcal/day) to aid understanding and to reflect common health nomenclature.
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Figure 5: Interaction of energy intake, energy expenditure, energy balance, weight and
body mass index (adapted from Homer et al. 2004 and Abdel-Hamid, 2002).

The above description exhibits a conceptualisation which is rich in detail concerning age groups
and gender, the locations where food is consumed by children, the energy-giving components of
food and the various ways that energy can be burned; in particular different levels of physical
activity and the incidence of sedentary behaviour. Some models may exhibit a simpler structure
but we believe our formulation creates a richer policy space which allows more detailed
interventions to be explored. A high-level map of the current version of the model, reflecting the
above dynamic hypothesis, is included as an appendix.

Before these experiments can be conducted, we need to calibrate the model. In public health
research model calibration procedures can involve the use of literature data, simple calculations
and judgemental estimation (Taylor et al. 2005; Sterman, 2000). Data from the literature refers to
the use of parameter values obtained from relevant publications. Some of the parameters have
been obtained from important studies by Abdel-Hamid (2002 and 2003), Homer et al. (2004) and
Butte et al. (2007), as well as human physiology texts for known energy conversion coefficients.
The second approach involves simple calculations and relates to the use of simple statistical
estimations from the numerical data obtained from the Health Survey England from 1995 to
2009. The final approach of judgemental estimation has not been adopted here. This form of
estimation is done by guessing a value for a parameter and then running the model repeatedly
with a range of such trial values until a match is found between the real and observed behaviour
patterns.



3 MODEL VALIDATION

Validation tests have been carried out to gain confidence in our model structure and the
behaviour produced from the model. These tests include structure verification, parameter
verification, dimensional consistency, extreme condition, behaviour reproduction and behaviour
sensitivity. The choice of the tests employed is based on the purpose of the model (Sterman,
2000). For structure and parameter verification, the tests involve comparing how well the
structure and parameter values adopted match the real system. Both tests are completed by
reference to prior literature such as Abdel-Hamid (2002 & 2003), Homer et al. (2004 & 2006)
and Butte et al. (2007). Currently, the model contains 378 equations and mappings. Each of these
passes the dimensional consistency test. For the extreme condition test making constant the
parameters associated with energy balance and height results in the unchanging weight and body
mass index (BMI) behaviour demonstrated in Figure 12. This result equates with a condition
where energy balance is maintained over a lengthy period and a person is considered to be in a
steady-state or stable weight. In that situation energy intake and energy expenditure will be the
same (FAO/WHO/UNU, 2004). We now turn to the behaviour reproduction test. The output from
this test is presented in figures 8 and 10. Both figures demonstrate that behaviour patterns
produced from the model align with the reported historical data obtained from the Health Survey
England (1995 to 2009). The final test is a behaviour sensitivity test which is applied to explore
the sensitivity of model behaviour to variations in the parameters (constants) in the model. This
particular test can be performed in a number of ways and dynamic optimisation is one of the
possible methods. Details of the optimisation results are discussed in Section 6.

4 SOME BASE CASE RESULTS FROM THE MODEL

The work reported here has been influenced by previous system dynamics modelling studies
conducted by Abdel-Hamid (2002; 2003) and Homer et al. (2004; 2006). Their work has been
used as a guideline for our modelling work, although there are differences in model detail and, to
an extent, model purpose.

Although obesity occurs due to an increase in food intake and lack of physical activity (WHO,
2011; Butland et al. 2007; Kumanyika et al. 2002; Crawford and Ball, 2002), the approach used
in this research to model obesity has taken into consideration that obesity develops due to
feedback control between food intake, energy expenditure and fat stores as specified by Lambert
and Goedecke (2003), Homer et al. (2004) and Abdel-Hamid (2002; 2003). In an earlier paper
(Dangerfield and Abidin, 2010), we described the framework necessary to understand the
influence of energy intake (EI), energy expenditure (EE) and energy balance (EB) on the average
weight, BMI and prevalence of obesity in a population of children. This research attempts to
explore the interactions between EI, EE and EB. EB is the difference between EI and EE. Both
food intake and physical activity energy are investigated. A previous study by Egger and
Swinburn (1997) stresses that weight is gained because EI is greater than EE, EE less than EI or
both phenomena occur. In simple terms, weight gain is caused by eating more energy-giving
nutrients than energy burned. The opposite result of weight loss occurs if EI is less than energy
expenditure.

The following scenarios report on outputs from the base case model (Current). The aim is to
provide an understanding of the values and behaviour patterns exhibited by these variables (EE, EI
and EB) together with their impact on the physical measurements and obesity prevalence in the
child population (aged 2-15 years).



Scenario 1: Here the objective is to investigate the impact of EI and EE on the EB and
consequently on average weight. If EI is greater than energy expended, it creates a positive EB.
The illustrations are for the male age group aged 11-15 years, one of six age/gender groups
considered (see the appendix). Accumulation of a positive daily EB results in weight gain as
shown in Figure 6 below. Figure 7 illustrates the opposite scenario; here weight decreases due to a
negative EB.

Average daily energy intake, energy expenditure and weight
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Figure 6: Increase in average weight due to higher energy intake than energy expenditure
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Figure 7: Reduction in average weight due to higher energy expenditure than energy intake

Scenario 2: In this instance the objective is to demonstrate the impact of changes in average
weight and height on BMI. As average weight increases (decreases), whilst average height has
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changed very little in the age groups over the sixty years considered, BMI increases (decreases)
in value. The BMI value is measured using the standard formula: BMI= weight/ (height x
height). The units are in kg/metres-squared. We have tested this formulation in the model.
Figures 8 and 9 demonstrate the results obtained from the base case model. Both figures depict
that with increasing (decreasing) values for average weight and the little change in average
height, the BMI reflects a similar increasing (decreasing) value and behaviour pattern. For figure
8 the reported data for 11-15 year-old males is also included and the fact that the model trajectory
is within the broad range of reported data is encouraging.
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Figure 8: Increasing weight and BMI behaviour pattern
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Figure 9: Decreasing weight and BMI behaviour pattern

Scenario 3: Here the objective is to demonstrate the impact of BMI on the prevalence of obesity.
With increases (decreases) in the BMI value, the prevalence of obesity follows a similar behaviour
pattern. Figures 10 and 11 illustrate the behaviour produced for both cases: increasing (figure 10)
and decreasing (figure 11). Included in figure 10 is the reported data for males aged 11-15 years.

BMI and prevalence of obesity
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Figure 10: Increase in BMI results in an increased prevalence of obesity
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BMI and prevalence of obesity
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Figure 11: Decreasing BMI results in a decreasing prevalence of obesity

Scenario 4: A final scenario is reported to demonstrate an extreme case. If the height and EB is
indeed in balance throughout time (so that there is a zero energy gap), then the average weight and
BMI is also unchanged (figure 12).
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Figure 12: A constant energy balance yields a constant average weight and BMI
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The output runs from these base case scenario projections allow us to have confidence that the
model is producing results which are intuitive and which do not markedly differ from real-world
reported data, at least for the child age group we have been able to obtain data for.

5 EXPLORING BEHAVIOURAL CHANGES

Here we examine certain behavioural changes: specifically these reflect broad modifications in
eating habits and physical activity patterns and which are assumed to have taken place from the
baseline year of 1970. The objective here is to develop further confidence in the model as a tool
for investigating the consequences of such changes rather than (yet) simulating the effects of any
specific population level interventions which obviously could happen only after the present day.
As mentioned in the previous section, adverse changes in eating and physical activity behaviour
have contributed positively to the developing trends in obesity prevalence. Therefore we have
conducted two explorations in eating and physical activity patterns. For illustrative purposes the
graphs depict the results for 11-15 year old males.

Behaviour Change 1: Increasing fat intake to 40% while maintaining physical activity

In the first behaviour change, the aim is to examine the impact of eating behaviour on the average
weight, BMI and the prevalence of obesity. Increasing the proportion of fat in the diet to 40%, as
compared with the base case value (35.4%), clearly contributes to an increase in the total energy
intake. Compared to the base case run (figure 6), the total amount of energy intake is now changed
from 1857 kcal/day to 1999 kcal/day in 1970 and, if this new fat proportion was maintained to
2030, it would reach 4169 kcal/day at that time (figure 13). The pattern of energy intake generates
an increasing trend over the simulated 60 year period because of the fractional growth rate in
portion sizes from outside, school and home meals. A similar increasing pattern is observed for
average weight and (very slightly) for energy expenditure. As long as a positive energy balance
(gap) is maintained (energy intake-energy expenditure), average weight will also follow an
increasing trend. Weight is shown to increase from 51 kg in 1970 to 52.8 kg in 2000 and is
predicted to increase again to 58.2 kg in 2030 if the revised fat proportion in the diet is maintained.

Figure 14 illustrates the linkage between weight and BMI. With the increasing average weight, the
BMI trend also increases over time. Average BMI is only 19.9 kg/metre” in 1970. The value
increases to 20.0 kg/metre®, 20.2 kg/metre®, 20.6 kg/metre?, 21.1 kg/metre?, 21.7 kg/metre? and to
22.6 kg/metre2 in 1980, 1990, 2000, 2010, 2020 and 2030 respectively. A similar increasing
pattern is observed for the prevalence of obesity. The higher the average BMI value obtained, the
higher the prevalence of obesity, as would be expected. Figure 15 portrays this situation; the
prevalence of obesity, only 14% in 1970, is now projected to increase to 34.4% in 2030.
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Energy intake, energy expenditure and weight
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Figure 13: Increasing energy intake through increased fat consumption causes a rise
in average weight (energy expenditure more or less constant)
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Figure 14: Increasing weight associated with the experiment depicted in the previous
figure produces a linked increase in BMI
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BMI and prevalence of obesity
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Figure 15: Increasing BMI causes an increase in the prevalence of obesity

Behaviour Change 2: Maintaining food intake but increasing energy expended from physical
activity to 40% of the total

In the second behaviour change, the aim is to examine the impact of changes in physical
activity on weight, BMI and prevalence of obesity. Energy expended from physical activity is
increased to 40% of the daily total (base case= 13.2%) with commensurate reductions in the
percentages for the Basal Metabolism Rate and the Thermic Effect of Food to absorb the
change from 13.2% (see appendix). The renders the initial value for total energy expenditure to
be increased from 1858 kcal/day (base case) to 2688 kcal/day (intervention) in 1970. The
model output (figure 16) demonstrates that, from 1970 to 2001, average weight is reduced and
then it starts to stabilise (and even increase) between 2001 and 2030. The reduction in weight
occurs because energy expenditure is higher than energy intake and this has created a negative
energy balance/gap over the first 31 years. The slight increase observed in the final 29 years is
because the assumed change in the proportion of energy expenditure due to physical activity,
which changes the trajectory of the energy expenditure curve from the base case situation, is
still not sufficient to keep it above the base case (see figure 16) trajectory of energy intake for
the entirety of the run. Accordingly, there is a slight increase in average weight in the final 29
years of the run.
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Energy intake, energy expenditure and weight
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Figure 16: Relationship between energy intake, energy expenditure and weight

With a reduction in average weight over the first 31 years of the run, BMI also reduces
similarly (figure 17), although again a slightly increase occurs after 2001. Average BMI
decreases from 19.9 kg/metre’ in 1970 to 19.1 kg/ metre® in 2000. The BMI value then
increases to 19.4 kg/metre” and 19.8 kg/metre”in 2020 and 2030. A similar behaviour pattern is

observed in the prevalence of obesity (figure 18). The prevalence, 14% in 1970, decreases to
11.0% in 1990 and reaches 11.4% in 2020.
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Weight, height and body mass index
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Figure 17: Relationship between average weight and BMI

BMI and prevalence of obesity
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Figure 18: Relationship between BMI and obesity prevalence
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Some conclusions may be drawn from the output graphs of the two interventions. These results
support the view that eating more food, particularly energy-dense foods with a high fat content, yet
maintaining physical activity patterns, results in an increase in average weight, BMI and obesity
prevalence. For the energy expenditure experiment the modification was effected through an
adjustment to the proportion of physical activity undertaken. With the energy expended from
physical activity increased to 40%, whilst maintaining the same food intake, a decrease in average
weight, BMI and obesity prevalence is the result, followed later by a rise for the reasons given
above.

6 IDENTIFYING THE MOST EFFECTIVE BEHAVIOURAL CHANGE USING
OPTIMISATION

Once confidence has been developed in terms of the model’s structure and behaviour, a series of
experiments are possible to help in the policy-making process. This work thus adds to the swathe
of research activity designed to highlight the most effective behavioural change strategies for
child obesity amelioration. Specifically, this section aims to make a comparison between changes
in eating and physical activity behaviour. Which is the most effective strategy for reversing
trends in child weight, BMI and prevalence of obesity? The results are presented from a total
population perspective (2-15 years) as a broad strategy to tackle obesity at the population level.
The population sector in the model allows the determination of relevant metrics over the full age
range by using weighted average calculations.

Dangerfield (2009) reiterates that there are two categories of optimisation in system dynamics:
policy optimisation and calibration optimisation. The first type called policy optimisation is
related to parameter changes which make improvements in model performance, for instance to
maximise sales revenue or to minimise costs. The other type, known as calibration optimisation,
involves the optimisation process searching for the parameter vector offering the best fit to a
given data series. This research applies the latter option: to identify the most effective
behavioural change strategies which achieve a desired weight target in 2020. However, since this
involves a future data series (as opposed to the more normal practice of fitting to past data in
calibration optimisation) the overall process is effectively a hybrid of policy and calibration
optimisations. The date of 2020 is important because the UK government has set a target to
reverse the obesity metrics back to 2000 levels by 2020 (Department of Health, 2008). This aim
can obviously be achieved through changes in average weight. Table 1 presents a plausible
average weight target needed by 2020 and figure 19 illustrates a graph for weight changes from
the baseline, starting in 2013, that would be compatible with UK government policy. The blue
line in figure 19 shows the trend for the total average weight from the simulated model (base
case) whereas the red line is a desired weight trajectory which passes through the target needed
by 2020 (=34.6 kg). Obviously the trajectory could be different with a slower initial decrease and
then a sharper fall to the target value in 2020. We have not yet explored other possible
trajectories.

Table 1: Changes in total average weight value for the past (1970-2010) and future (2020-
2030)

1970 1980 1990 2000 2010 2020 2030

Total average weight 36.69 38.56
(kg) (Baseline)

3240 | 34.06 | 33.91 34.55 | 35.55
Desired total average 34.55 | 34.31
weight (kg)
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Figure 19: Base case trajectory for total average weight (blue line) and a plausible desired
total average weight (red line) to achieve the target in 2020

In order to achieve the desired weight target of 34.6kg in 2020, behaviour changes must be made
in eating or physical activity or both. To be specific, the behavioural changes evaluated in this
research are achieved through two strategies which are: (1) improved food intake and (2)
increased physical activity with a concomitant reduction in sedentary behaviour. The changes can
only take place in the future so we have chosen 2013 for the policy changes to be rolled out.

Further, public policy changes cannot produce a sudden, step response so we have optimised on
rate of change parameters which are assumed to change in a gradual linear fashion over a period
of years. This is managed in the model using the RAMP function, one of the functions available
in the Vensim™ software. In order to attempt to achieve the necessary reduction in average
weight by 2020, the optimisation process was performed on rates of change in eating and
physical activity variables. It is reflected in the structure of equation 1 below. This generalised
equation can be applied to both eating and physical activity parameters, although the sign needs
to reflect whether a reduction or an increase is desirable. Changes in behaviour are assumed to
commence in 2013. The aim of the interventions is to encourage future child generations to adopt
healthy eating and physical activity behaviour and consequently improve their health in general.
Alterations made in eating and the physical activity parameters work by decreasing the amount of
EI and increasing both physical activity energy and total EE. Changes which occur in both EI and
EE result in changes in EB. The greater the reduction in EB, the more average weight is reduced.

Parameters=Initial value of parameters-RAMP (slope of change, 2013, 2030) ... )
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The first experiment concerns changes made in eating behaviour. The baseline model (see figure
20) demonstrates that average daily energy intake increased between 1970 and 2030. The aim of
the eating optimisation is to investigate the impact of a reduction in the amount of energy intake
on average weight, BMI and the prevalence of obesity. In this experiment, changes are made in
two eating parameters while all physical activity parameters are held as they were in the base
case. There are seven parameters which are potentially useful for the experiment. However, we
chose only two parameters for the eating optimisation experiments. These are the fractional
growth rate in total meals consumed per year and the fractional growth rate in the fat portion
size for outside meals These two have the greatest influence on the determination of EL

Total av. daily energy intake (2-15 yrs)

4,000
3,250
ig 2,500
1,750
1,000
1970 1976 1982 1988 1994 2000 2006 2012 2018 2024 2030

Time (Year)

"Total av. daily energy intake (2-15 yrs)" : Current

Figure 20: Increased in energy intake between 1970 and 2030

The second experiment involves changes in activity behaviour. From the baseline model,
physical activity energy expenditure decreases between 1970 and 2030 as shown in figure 21.
Using optimisation, the aim is to increase the amount of physical activity energy from 2013 to
2030. There are seven possible parameters in the list of potential parameters to be optimised,
targeting on intensity and frequency. For the purpose of PA optimisation, only five parameters
are selected as follows: (1) metabolic rate involved in vigorous activity, (2) metabolic rate
involved in moderate activity, (3) fractional change rate in frequency per year of vigorous
activity, (4) fractional change rate in frequency per year of moderate activity, and (5) fractional
change rate in frequency per year of sedentary behaviour. Changes in all these parameters result
in beneficial changes occurring in the amount of physical activity energy expended.
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Figure 21: Reduction in physical activity energy expended between 1970 and 2030

During the optimisation process, both eating and physical activity parameters are optimised for
the six age groups and gender (2-4 years, 5-10 years, 11-15 years, for both males and females).
From the eating optimisation, the average daily EI was reduced by means of a reduction in the
total meals consumed (eating episodes) per year and in the fat portion size of outside meals. By
contrast, the output obtained from the physical activity optimisation results in an increase in the
average daily physical activity energy expended and this is accomplished through an increased
frequency and intensity of moderate and vigorous activity and a decreased frequency of sedentary
behaviour. Incorporation of the optimum parameter values in the model each, separately, yields a
decrease in total average weight against the base case (not shown) — see figures 22 and 23.

The first finding from the eating (strategy 1) and physical activity (strategy 2) optimisation
experiments is that induced changes in the eating parameters offer the best means of a reduction
in average weight and provides the closest solution to the desired weight target in 2020. To be
more specific, the baseline results reveal that the total average weight in 2020 is 36.8 kg and after
eating optimisation, the total average weight in 2020 reduces to 35.6 kg. However, it does not get
below the target for 2020 until 2026. Similarly, the total average BMI is 19.7 kg/m” at baseline
and this reduces to 19.1 kg/m* in 2020. Finally, the prevalence of obesity also exhibits a similar
reducing value from 24.0% in 2020 (baseline) to 21.1% in 2020 after the optimisation process.

In the physical activity optimisation, the total average weight in 2020 is 36.79 kg (baseline) and
this reduces to only 36.68 kg after optimisation. In 2030, the total average weight is 38.56 kg at
baseline, slightly reducing to 38.44 kg after optimisation. Similarly the BMI also exhibits a very
slightly reduced value: average BMI in 2020 is 19.70 kg/m” (baseline) decreasing to 19.69 kg/m’
after optimisation. Clearly the prevalence of obesity will mirror this fall: 24.04% in 2020
(baseline) against 24.02% after optimisation. The prevalence falls further by 2030 where in the
baseline the percentage is 28.75% reaching 28.51% after optimisation. A tabulated comparison of
both of the eating and physical activity optimisation experiments with the baseline is presented in
Table 2.
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There is support for this finding in the public health literature. Skender et al. (1996), Ebersole et
al. (2008), Epstein et al. (2001) and Swinburn et al. (2009) all offer the view that changes in
modifying energy intake are more important compared to physical activity for obesity
amelioration. One possible explanation is there are no significant differences in physical activity
between obese and non-obese adults and children as suggested by Ebersole et al. (2008) and
Epstein et al. (2001). A second explanation is that although children can increase their physical
activity energy expenditure, they still continue to consume an increasing energy intake (EI) at the
same time. This makes it harder for physical activity behavioural changes to achieve the required
amount of average weight reduction. By contrast, any beneficial reduction in energy intake
cannot be overcome by changes on the energy expenditure side because the changes underway in
reducing activity and increasing sedentary behaviour are not as fast-moving as those on the
energy intake side of the balance.

A second finding is that the achievement, in both average weight and prevalence, of the
government’s desired target is unlikely to be met by 2020. It may be possible by 2026 and can
only be achieved by adjusting eating behaviours. Physical activity changes alone will not allow
the target to be achieved at any point throughout the entire intervention period (2013-2030).

However, we express the caveat here that all these results derive from a limited set of parameter
combinations upon which we have experimented in the model. It may be possible to uncover a
combination which offers a significantly improved leverage, although our work thus far suggests
this is unlikely.

Total av. weight
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S T e N R e e R T
/ 1 1
| 1
| 1
| 1
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1970 1976 1982 1988 1994 2000 2006 2012 2018 2024 2030
Time (Year)

"Desired total av. weight (2-15 yrs)" : Current
"Total av. weight (2-15 yrs)" : Strategyl: eating_optimisation

Figure 22: Comparisons of eating optimisation (red line) with the desired target (blue line)
for the total average weight between 2013 and 2030
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Figure 23: Comparisons of physical activity optimisation (red line) with the desired target
(blue line) for the total average weight between 2013 and 2030

Table 2: Comparisons of total average weight, BMI and prevalence of obesity changes
resulting from two optimisation strategies

Total average weight Total average BMI Prevalence of obesity
(kg) (kg/m’) (%)
Baseline | Optimisation | Baseline | Optimisation | Baseline Optimisation
) 1970 2030 1970 2030 1970 2030

Baseline and|
intervention Baseline (Current)
strategies

32.40 38.56 17.98 20.61 12 28.75

Strategy 1: Eating optimisation
32.40 33.76 17.98 18.02 12 12.21
Strategy 2: Physical activity optimisation
32.40 38.44 17.98 20.55 12 28.51
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7 SUMMARY

Eating more food and performing less physical activity are fundamental to obesity development
according to the scientific literature. The process is derived from the creation of a positive energy
balance when energy intake consistently exceeds energy expenditure. Output runs from the model
have supported the view that if children derive more of their energy intake from fat and burn less
energy from undertaking physical activity then population obesity metrics will turn adverse.
Although the base case changes simulated above have been of a broad general nature, the results
were encouraging enough to suggest that we could move forward and use the model to evaluate
specific targeted interventions to ascertain the future effects on the English child population.

The most important objective of this first strand of our interventions analysis has been to compare
changes in eating and physical activity behaviours in their role in childhood obesity amelioration.
The results reveal that a modification made in eating behaviour is the most effective tool in this
regard. The amount of average weight reduction from changes in eating behaviour is the closest
we came to hitting the desired average weight target to be achieved in 2020. However, we found
that the extent of change is still not enough to achieve the 2020 target. Therefore, it may be
necessary to expand the intervention period in order to achieve the weight and prevalence of
obesity target. This is true because the effects of a behaviour change process at the population
level will take a significant time to have an impact. Further, findings from this research will
deliver a message to policy makers, the food industry, practitioners and researchers of the
importance of collaboration in order to fully and effectively explore potential strategies for
reversing the obesity burden. This will help to achieve the UK government target of having a
healthy child population in the future.

8 FUTURE WORK

One of the facets we are striving to understand is: what are the most influential factors motivating
children to adopt either a healthy or a non-healthy lifestyle? Also, what can we say about the
effect on important metrics as a consequence of such changes — in either direction? Positive
behavioural change through an intervention surrounding these motivational factors would
represent a major milestone in overcoming current trends. Much of the current public health
research discusses the role of hard variables in physical activity and eating behaviour. Hard
factors in this context refer to quantifiable variables such as the intensity and frequency of
physical activity, for example. Turning to eating behaviours, examples include the number of
meals taken per day and the frequency of eating and snacking. For any model, behavioural
changes, involving soft factors, put more stress on the modelling technology and, in consequence,
the scope of insights which can be gained. It is easy to simulate the effects of changes in hard
variables (as we have done above) and many modelling methodologies would be capable of this.
But public health experts require to know how best to achieve those changes in the child
population. System dynamics is capable of incorporating soft factors into the model structure and,
as such, by exploring these softer dynamics it offers something above and beyond other
methodologies.

Behavioural change which concentrates on soft factors (e.g. attitude and perception) can also
contribute to uncovering and suggesting effective interventions. Owing to the importance of soft
factors as a contribution to influencing eating patterns and physical activity, further developments
in this research will explore the socio-psychological Theory of Planned Behaviour (TPB) due to
Ajzen (1991). TPB highlights the personal elements in the decision-making process and takes
into consideration the view that a person’s immediate surroundings shape their decision-making
and their attitudes.
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Future work will include the incorporation of a developed model structure for understanding
physical activity and eating decision making processes, taking into account soft factors. Specific
behavioural change interventions can then be conducted to identify what are likely to offer the
most effective solutions to overcoming trends in obesity in the child population.
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APPENDIX: High-level map showing the dynamic hypothesis underlying the model of childhood obesity and energy balance
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